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An LLM is a
type of neural

network
designed to
process and

generate
natural

language text.

DEFINITION

A neural  network is  a
computer program
inspired by the way
our brains work.

1.

 Made up of
interconnected nodes,
or neurons,  that work
together to process
information. 

2.

I t  learns from
examples to recognize
patterns in data

3.
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An LLM is a
type of neural

network
designed to
process and

generate
natural

language text.

DEFINITION

"Natural  language
text" refers to written
or spoken language
that is  used for
communicat ion
between humans in
everyday contexts.  
I t  includes languages
l ike Engl ish,  Spanish,
as wel l  as the var ious
dialects and styles
within those languages
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EXAMPLES

GPT 3 and GPT 4 by OpenAI:
Generative Pre-trained
Transformer (GPT) models are
state-of-the-art language
models based on the
transformer architecture.
They excel at tasks l ike text
generation, translation, and
sentiment analysis.
GPT-3 and GPT-4 have a large
number of parameters, enabling
them to understand context and
generate coherent responses.
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LaMDA by Google:
Language Model for Dialogue
Applications (LaMDA) is
designed for conversational
chatbots.
It focuses on generating
contextually relevant and
engaging responses.
LaMDA aims to improve natural
language understanding and
conversation quality.

EXAMPLES
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BERT (Bidirectional Encoder
Representations from
Transformers) by Google:

BERT is a pre-trained model
that considers both left and
right context in a sentence.
It revolutionized natural
language understanding tasks by
capturing bidirectional context.
BERT is widely used for tasks
l ike question answering,
sentiment analysis,  and named
entity recognition.

EXAMPLES
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Ernie 3.0 by Baidu:
Enhanced Representation
through kNowledge IntEgration
(Ernie) is a Chinese language
model.
Ernie 3.0 focuses on
understanding Chinese text and
context.
It has been applied to various
NLP tasks, including sentiment
analysis and text classification.

EXAMPLES
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Scalabil ity:
LLMs are designed to scale up in
size, with mil l ions or even
bil l ions of parameters.
This scalabil ity enables them to
capture complex language
patterns and nuances
effectively.

KEY FEATURES
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KEY FEATURES

Flexibi l ity:
LLMs are highly versati le and
can be fine-tuned for specific
tasks or domains.
This adaptabil ity makes them
suitable for a wide range of
applications across different
industries.es.
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KEY FEATURES

Contextual Understanding:
LLMs excel at understanding the
context of a given piece of text.
This contextual understanding
enables them to generate responses
that are contextually relevant and
coherent, improving the quality of
their outputs



DINESHLAL

Generative Abil ities :
LLMs are capable of generating
text that closely resembles
human-written content.
This abil ity makes them valuable
tools for content creation and
augmentation, empowering users
to generate high-quality text
for various purposes.

KEY FEATURES
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Early Days (1960s): Rule-Based
Systems

Foundation Laid: The groundwork for
LLMs was laid in the 1960s with
programs l ike ELIZA, developed by
Joseph Weizenbaum. ELIZA mimicked
conversation through simple pattern
matching and pre-programmed
responses. While l imited, it sparked
interest in machine-human interaction.

EVOLUTION OF LLMS

1960
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Statistical Language Modeling (1990s-
2000s):

Shifting Focus: The 1990s and 2000s
saw a shift towards statistical
language modeling.  These models
analyzed large amounts of text data
to predict the l ikel ihood of the next
word in a sequence. 
This approach improved language
understanding but lacked the abil ity
to grasp deeper context.

EVOLUTION OF LLMS

1990
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Rise of Deep Learning and Neural Networks (Late 2000s -
Onwards):

Breakthrough Moment: The late 2000s witnessed a turning
point with the resurgence of deep learning, particularly
Recurrent Neural Networks (RNNs) and Long Short-Term
Memory (LSTM) networks. 
These networks excelled at processing sequential  data l ike
language, al lowing for better context understanding and more
natural language generation.
The Transformer Revolution: Around 2017, the introduction of
transformers marked a significant leap forward. Transformers
could analyze al l  the words in a sentence simultaneously,
leading to a deeper grasp of context and meaning compared to
RNNs. 

EVOLUTION OF LLMS

2000
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The Modern Era (2010s - Present):
Focus on Abil ity and Scale: The current era is
characterized by a focus on pushing the capabil ities and
scale of LLMs. Researchers are constantly experimenting
with larger datasets, more advanced transformer
architectures, and techniques l ike fine-tuning to tai lor
LLMs for specific tasks.

Evolving Applications: As LLMs become more powerful,  the
range of applications is expanding rapidly.  We're seeing
LLMs being used for tasks l ike machine translation, text
summarization, chatbots, creative writing, and even code
generation.

EVOLUTION OF LLMS

2010
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The Future of LLMs:

Continued Growth: The future of LLMs is
expected to involve continued growth in
capabil ities and wider adoption across various
industries.  
We can expect LLMs to become even more adept
at understanding and responding to human
language, potential ly blurring the l ines between
human and machine communication.

EVOLUTION OF LLMS

2024
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SPECIAL  THANKS TO  CHATGPT,  OPEN A I ,  COPILOT  
FOR THE  SUPPORT ON CONTENT


