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In th is  document we wi l l  go through the step by
step process of text generat ion by Generat ive AI  
We wi l l  take an example of "Wr it ing a story about
Tom & Jerry"  ( famous cartoon character ) ,  i f  we ask
th is  quest ion to any Generat ive AI  bot ,  how it  wi l l
work
The guide is  in two sect ions,  one look ing i t  as non
technica l  lens ,  the other sect ion focuses with
technica l  perspect ive 
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Learn ing from Stor ies :
Generat ive AI  absorbs vast amounts of stor ies to
understand language nuances,  character
dynamics ,  and narrat ive structures .
I t  comprehends themes,  emot ions,  and p lot
developments from diverse textual  sources
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Understanding Tom & Jerry:
The AI  comprehends the nuances of Tom and
Jerry 's  personal i t ies ,  the i r  dynamic interact ions,
and the iconic scenar ios they encounter .
I t  captures the essence of the i r  re lat ionship ,
inc luding r iva l ry ,  fr iendship,  and comedic
e lements .
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Putt ing Words into Numbers :
 Text i s  tokenized and converted into numer ica l
representat ions,  fac i l i tat ing computat ional
process ing and analys is .
Each word rece ives a unique numer ica l  ident if ier ,
enabl ing the AI  to interpret and manipulate
language patterns effect ive ly .
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Guess ing the Next Word:
Leveraging contextual  cues and stat ist ica l
patterns ,  the AI  predicts subsequent words based
on preceding sequences.
I t  cons iders syntact ic  structures ,  semant ic
meanings,  and probabi l i st ic  d istr ibut ions to make
informed predict ions
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Making a Story l ine:
Drawing from its  knowledge base,  the AI
orchestrates sequences of words to construct
cohes ive narrat ives with log ica l  progress ions.
I t  weaves together p lot e lements ,  character
interact ions,  and descr ipt ive deta i l s  to create
engaging story l ines .
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Keeping i t  Interest ing:
The AI  in jects var iety and unpredictab i l i ty into
the narrat ive by introducing twists ,  conf l icts ,
and unexpected developments .
I t  employs d iverse vocabulary,  sentence
structures ,  and l i terary dev ices to mainta in
reader interest and immers ion.
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Check ing for Mistakes :
The AI  performs syntact ic  and semant ic checks
to ensure coherence,  grammatica l i ty ,  and
re levance in generated text .
I t  ver i f ies cons istency,  log ica l  f low, and
adherence to storyte l l ing convent ions to produce
high-qual i ty outputs .
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Learn ing from Feedback:
User feedback serves as va luable input for ref in ing the AI ' s
text generat ion capabi l i t ies and enhanc ing i ts  l inguist ic
understanding.
I t  adapts and i terates based on user interact ions,
incorporat ing correct ions,  preferences ,  and sty l i st ic
nuances into future outputs .
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Learn ing from Stor ies :
Generat ive AI  models undergo tra in ing us ing large-sca le
language corpora to develop contextual  understanding and
language model ing capabi l i t ies .
Through techniques l ike transformer arch itectures ,
attent ion mechanisms,  and recurrent neura l  networks ,  the
model  captures syntact ic  and semant ic structures from
textual  data.
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Understanding Tom & Jerry:
The AI  model  leverages pre-tra ined language
representat ions,  such as word embeddings or
contextual ized embeddings l ike BERT, to encode
informat ion about characters ,  sett ings,  and p lot dynamics .
 I t  ut i l izes f ine-tuning mechanisms to adapt i ts  learned
representat ions spec if ica l ly to the domain of Tom and
Jerry stor ies ,  opt imiz ing for re levance and coherence.
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Putt ing Words into Numbers :
Tokenizat ion processes tokenize input text into subword or
word- leve l  tokens,  transforming textual  inputs into
numer ica l  sequences understandable by the neura l  network.
These tokens are mapped to embeddings or one-hot
encodings,  fac i l i tat ing eff ic ient computat ion and gradient-
based opt imizat ion dur ing tra in ing and inference stages.
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Guess ing the Next Word:
Ut i l iz ing probabi l i st ic  language models ,  such as
autoregress ive or transformer-based models ,  the AI
ca lcu lates condit ional  probabi l i t ies of next tokens g iven
preceding contexts .
Beam search or sampl ing strategies generate next-token
predict ions by maximiz ing l ike l ihoods or sampl ing from
probabi l i ty d istr ibut ions,  cons ider ing model  uncerta int ies
and divers i ty in generated outputs .
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Making a Story l ine:
The AI  employs sequence-to-sequence arch itectures or
autoregress ive frameworks to generate coherent narrat ives ,
condit ion ing on input prompts and prev ious tokens.
Attent ion mechanisms enable the model  to focus on
re levant parts of the input sequence and dynamica l ly
a l locate context dur ing text generat ion,  enhanc ing
narrat ive coherence and re levance.
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Keeping i t  Interest ing:
Incorporat ing techniques l ike temperature sca l ing or
nucleus sampl ing,  the AI  modulates output d ivers i ty and
novelty whi le mainta in ing syntact ic  and semant ic
coherence.
Diverse beam search or top-k sampl ing strategies introduce
var iab i l i ty and creat iv i ty in generated text ,  promot ing
engaging storyte l l ing and avoid ing repet i t ive patterns .
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Check ing for Mistakes :
Dur ing text generat ion,  the AI  model  eva luates generated
sequences us ing metr ics l ike perp lex i ty ,  BLEU score,  or
semant ic s imi lar i ty measures to assess grammatica l i ty and
semant ic f ide l i ty .
Techniques l ike adversar ia l  t ra in ing or re inforcement
learn ing frameworks f ine-tune model  parameters to
minimize errors and improve text qual i ty based on reward
s ignals  or eva luat ion cr i ter ia .
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Learn ing from Feedback:
User feedback loops enable i terat ive model  ref inement and
adaptat ion through techniques l ike act ive learn ing,  human-
in-the- loop tra in ing,  or meta- learn ing.
Re inforcement learn ing a lgor i thms or d ifferent ia l  learn ing
rates ad just model  parameters based on user interact ions
and feedback s ignals ,  opt imiz ing text generat ion
performance and user sat isfact ion metr ics .
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SP E C I A L  CR ED I T S  TO  OPENA I ,  C HATGPT ,

 D A L L E  FOR  TH E  CONTE NT  SUPPORT  


